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Colorimetric Sensor Array for Soft Drink Analysis
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Fourteen commercial soft drinks have been analyzed using colorimetric sensor arrays made from a
set of 25 chemically responsive dyes printed on a hydrophobic membrane. Digital imaging of the dye
array before and after immersion provides a color change profile as a unique fingerprint for each
specific analyte. The digital data library generated was analyzed with statistical and chemometric
methods, including principal component analysis (PCA) and hierarchical clustering analysis (HCA).
Facile identification of all of the soft drinks was readily achieved using comparison of the color change
profiles or a PCA score plot. Using a HCA dendrogram, the misclassification rate was <2%, and
even very similar sodas were easily differentiated. In addition, the monitoring of soft drinks as they
degas or upon dilution also proved to be possible. This work demonstrates the potential of our
colorimetric sensor array technology for quality assurance/control applications of sodas and perhaps
other beverages as well.

KEYWORDS: Colorimetric sensor array; cross-responsive sensors; dyes; chemometrics; beverages; soft
drinks; soda

INTRODUCTION exposure to an analyte provides a color “fingerprint” for each

Quality control (QC) and quality assurance (QA) of food and spe_cifi_c ana_lytel{_igure D, anq this si_mple array system make_s
beverages are extremely important both to industry and consum-fa(i'le_ |dent|f|cat:on of a wide variety of aq“gfg’us organic
ers. In the past decade, a variety of sensor techniques have beefi®lutions possible over a concentration range of@.1 M.
developed1—11), and various applications have been achieved Complex mixtures present no inherent difficulty for sensor
for the analyses of food and beverage2{19). Generally, these ~ &Tays, in general, if they have sufficiediscriminatory power
so-called electronic tongue and electronic nose devices consisOPViously, the composite response of an array does not give a
of an array of cross-responsive sensors and are inspired by thee@mPonent-by-component analysis, but for the purpose of
mammalian gustatory and olfactory syste28-(22) in which identification or quality control such an analysis is often not

it is the compositeresponse of the array that differentiates one eauired. Beverages comprise an important class of complex
analyte from another. Instead of a traditional component-by- mixtures, and carbonated soft drinks are, of course, one of the

component analysis (e.g., gas or liquid chromatograp2), ( most consumed beverages in the world. Not surprisingly, there

this approach is potentially less expensive and has found somehave been previous examinations of soft drinks by electronic

applications in industrial practice. Most array sensors are based!©"gue and nose devicesd, 31-33). For example, Gardner
on conductive polymers or electrochemical sensors; a common@1d co-workers developed a microsensor using surface acoustic
limitation of such arrays, however, is their general lack of WaVes (SAW) detection, which can monitor the decarbonation

chemical discriminationwhich makes differentiation among of cola versus time after openingX). Legin and co-workers
similar species problematic. developed an electronic tongue that could distinguish among
Recently, we have reported an optoelectronic approach thatS0me soft drink samples3§). These methods, however, are
uses a colorimetric sensor array for the general detection, €ither relatively low in discriminatory ability, expensive, or
identification, and quantification of volatile organic compounds nonpPortable. In comparison, however, our colorimetric sensor
in the gas phase24—30). The colorimetric sensor arrays are @y has an extremely high discriminatory pow2T{30), a
inexpensive disposables and, therefore, their reversibility is not V&Y 10w cost, and the potential for facile miniaturization. In
an important issue2d). Because the sensor dyes and substrate this work, 14 different commercial soft drinks were examined
upon which the dyes are printed are both hydrophobic, we have YS9 Fhe colorimetric sensor array system in f[he_ liquid phase;
even been able to use this approach for the detection and" addition, the effects of decarbonation and dilution were also
differentiation of organic compounds dissolved in aqueous Nvestigated for potential QA/QC applications.
solutions without interference from the presence of 55 M water
(30). The color change pattern of the dye array before and after MATERIALS AND METHODS
Sample Preparation and Instruments.Fourteen soft drinks were
*Tel: 217-333-2794; fax: 217-333-2685; e-mail: ksuslick@uiuc.edu. purchased from local supermarkets and were used directly and freshly
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Figure 1. Image of the colorimetric sensor array before and after exposure _ Sprte.  Distape.  FUp Dlet.7-Up S . e gw Coss
to 7-Up. The dyes that changed color the most are marked with circles. Figure 2. Average color change profiles from the colorimetric sensor array
For the purposes of effective visualization, the color range shown in these for 14 common soft drinks, Abbreviations: A&W RB, A&W Root Beer;
representations is expanded from RGB values of 10-41 (i.e., 5 hit) to CD TW, Canada Dry Tonic Water; CD CS, Canada Dry Club Soda; LC
0-255 (i.e., 8 hit). SW, LaCroix Sparkling Water. For the purposes of effective visualization,
the color range shown in these representations is expanded from RGB
Table 1. pH Values of the 14 Commercial Soft Drinks Used values of 10-41 (i.e., 5 bit) to 0-255 (i.e., 8 bit); the complete digital
. ] data are provided as Supporting Information.
soft drink? pH? soft drink? pH?
Coca-Cola Classic 250 Fanta 203 blue color changes) with 56 entries (4 for each of 14 analytes), which
Diet Coke 3.38 Dr. Pepper 2.83 is provided in the Supporting Information.
Pepsi 2.47 A&W Root Beer 4.67 Principal component analysis (PCA) and hierarchical clustering
Diet Pepsi 3.07 Canada Dry Tonic Water 2.56 analysis (HCA) 84) were performed on the library using the Multi-
Sprite 3.30 Canada Dry Club Soda 518 Variance Statistical Package (MVSP, Kovach Computing Services,
Diet Sprite 3.37 La Croix Sparkling Water 4.26 Anglesey, Wales; www.kovcomp.co.uk) software.
7-Up 3.24
Diet 7-Up 377
RESULTS AND DISCUSSION
aAll product names are trademarks of or copyrighted by their respective Molecular recognition is, of course, a function of the
manufacturers. © Measured immediately after opening. interatomic, intermolecular, or interfacial interactions of the

) ) o _ analyte with the sensor. Our colorimetric approach to molecular
from their containers. Loss of GOwvas minimized by conducting  recognition 4—30) uses a cross-responsive array of chemically
parallel triplicate experiments immediately after the containers had beendiverse dyes; the design of a colorimetric sensor array is based
opened. NaPQy-HzO and NaHPQs were dissolved in purified water on stronger dyeanalyte interactions rather than exclusively

(obtained using a NANOpure Ultrapure Water System, Barnstead hvsical ad i . t f fch t h d
International) to make a 0.3 M phosphate buffer solution at pH 7.0 physical adsorption (as in most forms of chromatography an

[the same buffer as used in prior aqueous sengif)].(A ThermoOrion  Prior electronic nose technology). The chemically responsive
920A-plus pH-meter was used for pH measurements; the pH values ofdyes fall into three general classesl) (netal ion containing
the soft drinks used are listed Fable 1. dyes that respond to Lewis basicity (i.e., electron pair donation,

Sensor Array. The composition of the colorimetric sensor array metal ion ligation), 2) pH indicators 85) that respond to
was described previousl$Q) and was prepared following the previous  Brgnsted acidity/basicity (i.e., proton acidity and hydrogen
procedureZ4—26). This 5x 5 array was optimized for detecting acidity bonding), and (3) dyes with large permanent dipoles (e.g.,
in agueous solutions, and the pri_nted arrays are ayailable commercially ;\itterionic solvatochromic dyes) that respond to local polarity
(array CSI1.083) from ChemSensing, Inc. (Champaign, IL; www.chem-  (36) Tq some extent, of course, all dyes have some components
sensing.com). of all three classes: that s, all dyes will have some Lewis acid/

Data Acquisition. Data acquisition was carried out using an ordinary b int i v all will h hvd bondi
flatbed scanner (Epson Perfection 1250) following previously reported ase interactions, nearly all will have some hydrogen bonding,

procedures, described in the Supporting Informatié®).(In use, the and al! ha}vg some response to solvent polarity. For aqueous
array is first saturated in an aqueous liquid without dissolved organics analysis, it is important that the dyes chosen must be hydro-
(i.e., phosphate buffer) and imaged. After exposure to an analyte phobic.

solution, rapid color changes in the dyes are readily observed and Colorimetric Sensor Array Responses.Average color
digitally imaged. All of the analyses of soft drink samples were change profiles were obtained for 14 common soft drinks as
conducted in triplicate. The colors of the solutions have no significant shown inFigure 2. Distinct and highly reproducible patterns
effects bgcause the quu_id layer between the sensor array and flatbedyere obtained for each soft drink. Among these, two simple
scanner is extremely thin (<1Qim). carbonated watersithout organic additives were examined:

Data P_rocessmg and AnaIyS|s.S|mpI_y subtracting the before- LaCroix Sparkling Water and Canada Dry Club Soda. (Al
exposure image from the after-exposure image (red value after exposure

to analyte minus red value before exposure, green minus green, queprOdUCt_ names are trademarks of Or cgpyr_|ghted by their
minus blue) provides a color change profile for the analyte solution, '€SPective manufacturers.) Upon examinatioifrigure 2, it is
as shown irFigure 1. The center of each dye spot is averaged to avoid Obvious that the strong responses from the complex mixtures
edge artifacts using Photoshop or a customized analysis packagepresent in other sodas dotprimarily come from the dissolved
ChemEye (ChemSensing, Inc.). The color change profiles are simply CO,, because the carbonated water samples gave much weaker
a N-dimensional vector (whemd = number of dyes) that can be easily  responses than all of the other soft drinks. We are, however,
analyzed by standard statistical and chemometric techniques. In additiongble to discriminate easily even between these two carbonated
to the triplicate data, an average response was also calculated for eackyaters on the basis of the slight differences in their€@ntent
analyte. . . . (and resulting pH differences).

It is convenient to visually display these vectors as color change Principal Component Analysis. PCA is a mathematical

maps by representing each spot as the absolute value of its color Chang?ransformation used to extract variance between entries in a data
in RGB. For purposes of display, the color ranges of the images are

expanded: RGB values of @1 (i.e., 5 bit) were expanded to-255 matrix by reducing the redundancy in the dimensionality of the

(i.e., 8 bit). This visual representation in no way affects the actual digital data. It takes the data points (changes in RGB values for each
data used for chemometric analysis. The color change profiles were Of the dyes in the array) for all analytes and generates a set of
compiled into a library of 75-dimensional vectors (25 red, green, and orthogonal eigenvectors (principal components, PCs) for maxi-
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mum variance. The maximum total number of PCs equaNo 3 Figure 4. PCA score plot using the three most important principal
— 1, whereN is the number of dyes in the array (i.e., 75 components based on the data for the analysis of all soft drinks. Triplicate
dimensions for the aqueous-phase sensor array used h.e;’,e) pcfidta plus their average are plotted for each soft drink. The resolution
essentially concentrates the data’s variation among analytes intcpetween classes is in fact much better than can be shown by these three
the minimum number of dimensions. Generally speaking, the principal components because they account for only 65.7% of the total
larger the number of PCs necessa.ry for a certain Ievél of Variance. Abbreviations: A&W RB, A&W Root Beer; CD TW, Canada
discrimination (e.g., 95% of the total data variability), the better PV L(,’”'C Water, CD CS, Canada Dry Club Soda; LC SW, LaCroix
the sensor will be able to discriminate among similar analytes SParkiing Water.

24). .
( A)s shown inFigure 3, 90% of all the data variance is for defining clusters from the set of analyte vectors. The most

contained inL0 dimensions of 75 total possible dimensions; 15 €ommon of these is the minimum variance method (Ward's
dimensions are required for 95% of the variance and 25 Method) (21), which we use here. The sum of the squared
dimensions for 99%. In general, other electronic nose and Euclidean distances (SEDs) from the group centroid to each of

electronic tongue techniques typically have-8®% of dis- the vectors in that group is used to evaluate the variance within

crimination in their firstwo dimensions. The high dimensional- € group, and the groups with the minimum variance are
ity (i.e., high dispersion) of the colorimetric sensor array clustered preferentially. Those clusters are then grouped together

demonstrates the unusually high level of chemical discrimination {© form new larger scale clusters. The operation is performed
and, hence, an exceptional ability of the colorimetric sensor '¢P€atedly until only one supercluster remains. A dendrogram
arrays to discriminate among very similar analytes. is generated in this fashion that shows quantitatively the
A three-dimensional PCA score plot was obtained using the Similarities among the various analytes. An HCA dendrogram
three most important PCs, which accounts for only 65.7% of ShOWs quantitatively the degree of similarity of the array
the total varianceRigure 4). All of the triplicates plus the ~ '€SPonses among the various analytes using the data’s full
average of each soft drink sample were reasonably well clusteregdimensionality. It also shows any misidentifications or overlap

together and separated from those of other samples, which isbetween individual measurements of analytes. In addition, once
surprising considering that less than two-thirds of the total @database is established, any new unknown sample can be easily

variance is captured iffigure 4, and the resolution between classified using the HCA dendrogram to identify the unknown

classes is in fact better than can be shown using only three©' @t least to identify the database entry closest to it.
principal component dimensions. The relative locations in the ~As shown in the HCA dendrogram of all soft drinksigure
PCA space reflect the response of the array, which is based onb), all of the samples were clustered correctly with a single
the differences in the concentrations of various organic com- misclassification (one Diet Sprite was mistakenly clustered with
pounds and the pH of each analyte, and the responses cannd®iet 7-Up, these two, after all, being rather close in taste).
be translated exactly into the actual taste for each type of soft Furthermore, the classes of sodas are distinct: colas separate
drink. Nonetheless, the relative locations of the soft drink from citrus flavors, diet from regular, etc. These results suggest
samples on the plot roughly reflect the differences in their tastes. that the HCA dendrogram may be used to identify unknown
For example, the data points for A&W Root Beer are relatively samples.
distant from those of the other soft drinks in the score plot,and Commercial soft drinks are normally acidic, and their pH
likewise, the taste of root beer is also (subjectively) relatively values do of course affect the response of the dye array. In soft
different from that of other soft drinks. Conversely, Diet 7-Up drinks, CQ is supersaturated; as a consequence, even though
and Diet Sprite (or 7-Up and Sprite, or Diet Coke and Diet the system is not closed in our trials, we can still measure a
Pepsi, etc.) are spatially close, and ttorytaste much alike. reproducible pH that does not change over the time of our
Statistical Analysis and Error Analysis. A very standard testing. We find, moreover, that pHoes not play an over-
statistical procedure, HCA, provides a better alternative for whelming or @en a predominant rolen determining the array’s
accurate representation and classification of high-dimensionalresponses to the soft drinks. The pH values for all 14 soft drinks
data in that it uses the full dimensionality of the data in creating were measured using a pH-meter immediately after the contain-
a classification dendrogram. HCA groups the analyte vectors ers had been openedigble 1). The pH values of all the soft
according to their intervector distances in their full dimensional drinks are between 2.5 and 5.2. By comparing the pH values
space (i.e., 75-dimensional). There exist various related methodswith the color change profilesF{gure 2) and the HCA
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?F‘Ur:]‘ez‘ and 90 min at ~200 mL/min. The color range of the difference maps is
TUp3 expanded from RGB values of 10—41 (i.e., 5 bit) to 0—-255 (i.e., 8 hit). (b)
I ﬂﬁ . Total Euclidean distance (i.e., square root of the sum of the squares of
s 200 100 3 each of the changes in the 108 dimensions) versus length of time of
Squared Euclidean / 1000 decarbonation. The trend lines are simply smoothed curves to guide the
Figure 5. Hierarchical cluster analysis dendrogram for 14 soft drinks using eye.
Ward’s method. All experiments were run in triplicates and an average from an ink-well array to the hydrophobic membrane using an
generated thereof. After the beverage name, the trial number or “ave” array of dipped stainless steel ping84(30). The level of
(for average) is given. Abbreviations: A&W RB, A&W Root Beer; CD reproducibility in array printing, however, is improving rapidly
TW, Canada Dry Tonic Water; CD CS, Canada Dry Club Soda; LC SW, using noncontact printing.
LaCroix Sparkling Water. Quiality Control/Quality Assurance. This work suggests that

colorimetric sensor arrays might prove to be useful in QC and

dendrogram (Figure 5) of the 14 soft drinks, clearly pH does QA for soft drink production in the food and beverage industry.
not dominate the array response: for example, Diet Coke (pH We have conducted two simple experiments along these lines
3.38) and Diet Pepsi (pH 3.07) are tightly grouped in the for proof of concept: the effects on the colorimetric sensor array
dendrogram, whereas Diet Sprite (pH 3.37) is quite distant from response of removal of GQi.e., decarbonation) and of dilution.
Diet Coke (the pH of which is essentially identical) and very  The array response (done in triplicate) was determined for
close in the dendrogram to Diet 7-Up (pH 3.77). Even though two soft drinks, Pepsi and 7-Up, after degassing with an argon
pH is not predominant, changes in pH (or £&ncentration  gas flow. As shown irFigure 6, the color change profiles of
once the soda is below supersaturation), of course, will changethe array do respond to removal of g@nd the changes in the
the array response, as in the case of degassing (discussed lateryrray response are clearly distinguishable even by eye. Another

Testing the reproducibility and reliability of a multidimen-  set of experiments was conducted to determine the effect of
sional sensor array is much more complicated than that for singlewatering on the array response. As showfigure 7, the color
sensors. The work reported here is satisfactory for proof of change profiles do change with increased dilution, and the
concept, but there are insufficient replicates to produce a truly changes are again clearly distinguishable. By using the total
rigorous cross-validation, which must remain for future work. Euclidean distance as an overall measure of the array response,
HCA provides an optimized model of the entire database; as one can also generate monotonic (but obviously not linear)
we see inFigure 5, there is only a single case of misclassifi- response curves, as showrFigures 6band7b. These results
cation in the 56 library entries (one Diet Sprite entry mistaken show the potential of the colorimetric sensor array technique
for Diet 7-Up), that is, a misclassification rate of 1.8%. for both qualitative and quantitative applications to QA/QC of

One of the major remaining sources of error with the soft drinks and perhaps other beverages as well.
colorimetric sensor arrays is in the reproducibility of the printing  In summary, we have successfully applied a new colorimetric
of the arrays, which (in these studies) were produced by transfersensor array methodology to the analyses of 14 common soft



LITERATURE CITED

(1) Wright, A. T.; Anslyn, E. V. Differential receptor arrays and
assays for solution-based molecular recogniti@imem. Soc. Re
2006, 35, 14-28.

(2) Epstein, J. R.; Walt, D. R. Fluorescence-based fibre optic
arrays: a universal platform for sensirf@hem. Soc. Re2003,

32, 203—-214.

Colorimetric Sensor Array for Soft Drink Analysis J. Agric. Food Chem., Vol. 55, No. 2, 2007 241
(3) Toko, K. Taste sensoBens. Actuators, B000,B64, 205—215.
(4) Winquist, F.; Holmin, S.; Krantz-Rulcker, C.; Wide, P.; Lund-

(a) . -
- - strom, |. A hybrid electronic tongueéAnal. Chim. Acta2000,

Pepsi
100% 87% 7% 67% 406, 147—157.
(b) (5) Legin, A.; Makarychev-Mikhailov, S.; Goryacheva, O.; Kirsanov,

300 D.; Vlasov, Y. Cross-sensitive chemical sensors based on
tetraphenylporphyrin and phthalocyanidaal. Chim. Acte2002,
457, 297—303.
3 250 (6) Vlasov, Y.; Legin, A.; Rudnitskaya, A. Electronic tongues and
L their analytical applicationAnal. Bioanal. Chem2002 373
] 136—146.
g 200 (7) Gardner, J. W.; Bartlett, P. NElectronic Noses: Principles and
c Applications Oxford University Press: New York, 1999; p 245.
5 150- (8) Lavigne, J. J.; Savoy, S.; Clevenger, M. B.; Ritchie, J. E.;
E McDoniel, B.; Yoo, S.-J.; Anslyn, E. V.; McDeuvitt, J. T.; Shear,
g J. B.; Neikirk, D. Solution-based analysis of multiple analytes
W 400 by a sensor array: toward the development of an “electronic
-g tongue”.J. Am. Chem. S0d.998,120, 6429—6430.
= (9) Baldini, L.; Wilson, A. J.; Hong, J.; Hamilton, A. D. Pattern-
50 based detection of different proteins using an array of fluorescent
protein surface receptord. Am. Chem. So004,126, 5656—
5657.
00_5 0.6 0.7 08 0.9 1 (10) %ury_a;!(, A Se;/ggn, K. A Ichemoseq(s};r zrrayé fkc])r thescoe!%r(igetric
. 4 identification of 20 natural amino acids. Am. Chem. So
' Relative Con.centratnon. 127, 3700—3701.
Figure 7. (a) Average color change profiles for Pepsi and 7-Up after (11) Greene, N. T.; Shimizu, K. D. Colorimetric molecularly imprinted
dilution with purified water to the specified final relative concentration (e.g., polymer sensor array using dye displacemé@ném. Chem. Soc.
87% = 15 mL of water added to 100 mL of soda). The color range of 2005,127, 5695—5700.
the difference maps is expanded from RGB values of 10-41 (i.e., 5 bit) (12) Wingquist, F.; Bjorklund, R.; Krantz-Rulcker, C.; Lundstrom, |.;
to 0—255 (i.e., 8 hit). (b) Total Euclidean distance versus dilution. The Ostergren, K.; Skoglund, T. An electronic tongue in the dairy
trend lines are simply smoothed curves to guide the eye. industry. Sens. Actuators, B005,111, 299—304.

(13) Olafsdottir, G.; Nesvadba, P.; Di Natale, C.; Careche, M.;
Oehlenschlager, J.; Tryggvadottir, S. V.; Schubring, R.; Kroeger,
M.; Heia, K.; Esaiassen, M.; Macagnano, A.; Jorgensen, B. M.
Multisensor for fish quality determinatiorTrends Food Sci.
Technol.2004,15, 86-93.

Esbensen, K.; Kirsanov, D.; Legin, A.; Rudnitskaya, A.;

drinks. A distinct and unique pattern can be obtained for each
sample with very simple experiments using a very simple
apparatus. The data can be analyzed using standard chemomet-
rics methods, including PCA and HCA, and excellent discrimi- (14)

nation can be obtained from either a PCA score plot or an HCA Mortensen, J.; Pedersen, J.; Vognsen, L.; Makarychev-Mikhailov,
dendrogram. We have established in these studies that we can S.; Vlasov, Y. Fermentation monitoring using multisensor
tell the difference even between very subtly different soft drinks systems: feasibility study of the electronic tong@eal. Bioanal.
with reasonable accuracy. Our preliminary results also suggest Chem.2004,378, 391—395.

potential applications of the colorimetric sensor array to QC (15) Deisingh, A. K.; Stone, D. C.; Thompson, M. Applications of
and QA in the food and beverage industry. In addition, the electronic noses and tongues in food analyisis.J. Food Sci.
extremely high dimensionality of the data from our colorimetric Technol.2004,39, 587-604.

S (16) Berna, A. Z.; Lammertyn, J.; Saevels, S.; Di Natale, C.; Nicolai,

arrays suggests that statistical correlations with the evaluation ¢ - )
B. M. Electronic nose systems to study shelf life and cultivar

by organqleptic pangls_ (i-e., people) may prove tq b_e possible effect on tomato aroma profiléSens. Actuators, B004 97,
for quantitative prediction of human response. It is important 324333 ’ ' '
to realize, however, that the colorimetric sensor array is based (17) Legin A Rudnitskaya, A.; Lvova, L.; Vlasov, Y.: Di Natale

on the differences in the concentrations of various organic and C.: D'Amico, A. Evaluation of Italian wine by the electronic
inorganic components (including pH) of the anglyt_es and that tongue: recognition, quantitative analysis and correlation with
the array responses cannot be translated (at this time, at least) human sensory perceptioAnal. Chim. Acta2003, 484, 33-
into an actual human perception of taste and smell. 44,

(18) Ampuero, S.; Bosset, J. O. The electronic nose applied to dairy
products: a reviewSens. Actuators, B003,B94, 1-12.

ACKNOWLEDGMENT (19) Legin, A.; Rudnitskaya, A.; Seleznev, B.; Vlasov, Y. Recognition
. of liquid and flesh food using an “electronic tonguéit. J. Food
We thank Dr. Jennifer B. Ponder, Dr. Avijit Sen, and Dr. Sci. Technol2002,37, 375—385.
William B. McNamara Il for helpful discussion. (20) Mombaerts, P. Genes and ligands for odorant, vomeronasal and
) taste receptordNat. Rev. Neurosc004,5, 263—278.
Supporting Information Available: More expe”mental de- (21) Matsunami, H.; Montmayeur’ J.-P.; Buck, L. B. A fam||y of
tails and the full digital database for sodas. This material is candidate taste receptors in human and mddagire200Q 404

available free of charge via the Internet at http://pubs.acs.org. 601—604.



242 J. Agric. Food Chem., Vol. 55, No. 2, 2007

(22) Wang, J.; Luthey-Schulten, Z. A.; Suslick, K. S. Is the olfactory
receptor a metalloproteinProc. Natl. Acad. Sci. U.S.2003,
100, 3035—3039.

(23) Wang, J.; Sporns, P. Analysis of anthocyanins in red wine and
fruit juice using MALDI-MS. J. Agric. Food Chem1999,47,
2009—-2015.

(24) Suslick, K. S. An optoelectronic nose: “seeing” smells by means
of colorimetric sensor array$84RS Bull.2004,29, 720—725.

(25) Suslick, K. S.; Rakow, N. A.; Sen, A. Colorimetric sensor arrays
for molecular recognitionTetrahedror?004,60, 11133-11138.

(26) Rakow, N. A.; Suslick, K. S. A colorimetric sensor array for
odour visualizationNature 2000,406, 710—713.

(27) Janzen, M. C.; Ponder, J. B.; Bailey, D. P.; Ingison, C. K.;
Suslick, K. S. Colorimetric sensor arrays for volatile organic
compoundsAnal. Chem2006,78, 3591—3600.

(28) Zhang, C.; Bailey, D. P.; Suslick, K. S. Colorimetric sensor arrays
for the analysis of beers: a feasibility study. Agric. Food
Chem.2006,54, 4925—4931.

(29) Rakow, N. A.; Sen, A.; Janzen, M. C.; Ponder, J. B.; Suslick,
K. S. Molecular recognition and discrimination of amines with
a colorimetric arrayAngew. Chem., Int. EQ®005, 44, 4528—
4532.

(30) zZhang, C.; Suslick, K. S. A colorimetric sensor array for organics
in water.J. Am. Chem. So005,127, 11548—11549.

Zhang and Suslick

(31) Abraham, J. K.; Karjathkar, S.; Jacesko, S.; Varadan, V. K
Gardner, J. W. Identification of soft drinks using MEMS-IDT
microsensorsProc. SPIE2005,5763, 414—424.

(32) van Staden, J. F.; Mashamba, M. G.; Stefan, R. |. Determination
of the total acidity in soft drinks using potentiometric sequential
injection titration.Talanta2002,58, 1109—1114.

(33) Legin, A.; Rudnitskaya, A.; Vlasov, Y.; Di Natale, C.; Davide,
F.; D’Amico, A. Tasting of beverages using an electronic tongue.
Sens. Actuators, B997,44, 291—296.

(34) Haswell, S. JPractical Guide to ChemometricBekker: New
York, 1992; p 324.

(35) Green, F. JThe Sigma-Aldrich Handbook of Stains, Dyes and
Indicators Aldrich Chemical Co.: Milwaukee, WI, 1990; p 776.

(36) Reichardt, C. Solvatochromic dyes as solvent polarity indicators.
Chem. Rev1994,94, 2319—2358.

Received for review August 28, 2006. Revised manuscript received
November 3, 2006. Accepted November 6, 2006. This work was
supported by NSF (BES05-28499). K.S.S. acknowledges that he is a
member of the Board of Directors of and holds a financial interest in
ChemSensing, Inc.

JF0624695



